33 11 Vol. 33 No. 11

2016 11 Application Research of Computers Nov. 2016
*
1 2 2
(1. 200031; 2. 200241)
o SIFT
( dynamic time warping
DTW) o
DTW o
; . SIFT;
TP391.4 A : 1001-3695(2016) 11-3499-04

doi: 10.3969/j. issn. 1001-3695.2016. 11. 066

Two-directional dynamic time warping based Chinese

handwritten segmentation-free word spotting

Huang Zhimin' Yao Shunyi® Xiong Yujie’
(1. The Third Research Institute of Ministry of Public Security Shanghai 200031 China; 2. Shanghai Key Laboratory of Multidimensional In—
Jformation Processing East China Normal University ~Shanghai 200241 China)

Abstract. Large variety of Chinese characters and handwriting styles and the complexity of Chinese handwritten documents
layout lead a huge challenging for the Chinese handwriting word spotting. This paper proposed a segmentationHree word spot—
ting method for Chinese handwritten documents. Firstly the method used the SIFT keypoint detector to locate the candidate
keypoints in document images. Then it determined the candidate character regions by the keypoints’ locations and the size of
query word image. At last it applied the two-directional dynamic time warping ( DTW) to refine the candidate regions. The
experimental results show that the proposed method can detect the query word in the document images with high mean average
precision and the two-directional DTW outperforms the traditional DTW.
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